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KEEPER MODEL

1. THE CORE QUESTI ON
The keeper nodel is built to answer one question:

"What woul d Dante probably keep?"
Not :

"What is objectively great photography?"
This distinction is canonical. It is not a caveat. It is the entire design
phi | osophy.

The nodel is not |earning universal aesthetics. It is not |earning what the
phot ography establishment values. It is not |earning what perfornms well on
Instagram It is not |earning what wins awards or gets published

It is learning: - personal visual taste - selection philosophy - aesthetic thresholds
- recurring nmotifs - sequencing tendencies - the things that consistently get
rejected

The keeper archive is the training dataset. The full corpus is the test set. The
nodel is a mrror.

2. VWHY TH' S DI STI NCTI ON MATTERS

A nodel trained on "great photography"” would learn the aesthetics of whoever |abeled
the training data. That is a different photographer's eye. It would systematically
di sagree with the keeper archive.

A nodel trained on "what woul d Dante keep" |earns from denonstrated behavi or across
years of practice

The archive is a self-portrait. The nodel should | earn one photographer's eye. \Wose
eye depends entirely on whose keeper archive is used.

Every FLUX node with a keeper archive builds its own nodel. The nodel is not
universal. It is personal

This is the only correct fram ng. A nodel that clains universal photographic quality
is lying.

3. TRAI NI NG DATA

Posi tive exanpl es: ~15, 000 (keeper archive)
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Negati ve exanpl es: ~385,000 (full corpus, non-keeper)
Cl ass inbal ance: 3. 75% posi tive
Near - m sses: the nost val uabl e signal (inages reviewed and rejected)

The positive class is the existing keeper archive: approxi mately 15,000 phot ographs
selected fromthe full corpus during years of active practice, stored in
/ FLUX_ARCHI VE/ KEEPERS/ i n chronol ogi cal fol der structure.

The negative class is the remminder of the full corpus: approxi mately 385,000
phot ographs that were not sel ected. These are not "bad" photographs. They are
phot ographs that did not neet the keeper threshold.

The nost val uable training signal is the near-niss: photographs that were revi ened
and rejected. A photograph that is nearly a keeper but not quite encodes nore
informati on about the selection threshold than a photograph that was never
consi der ed.

The full corpus of 400,000 inmages provides inplicit negatives. No explicit negative
| abeling is required —any photograph not in the keeper archive is a negative
exanpl e.

4. VWHAT THE MODEL LEARNS
The nodel learns patterns in what gets selected and what gets rejected.

Sel ection patterns the nodel detects: - Conpositional preferences (layering,
conpressi on, foreground/ background rel ationships) - Tonal preferences (high

contrast, fog, flat |ight —which conditions produce nore keepers) - Subject
preferences (people at distance vs. close, specific recurring notifs) - Tenporal
patterns (tinme of day, season, session length vs. keeper density) - Location patterns
(which streets produce nore keepers, which building types) - Technical thresholds
(acceptabl e blur, acceptabl e exposure, acceptable focus distance)

What the nodel cannot learn directly: - Wy a specific photograph was nade
(intention) - What was happening on that wal k (narrative) - Enotional weight of
specific imges - Sequential relationships between franes

The nodel learns correlations in visual features. It does not |earn neaning.

5. MODEL ARCHI TECTURE
The keeper nodel is a ranking nodel, not a binary classifier.

A binary classifier would output: keeper / not keeper. A ranking nodel outputs:
keeper score (0.0-1.0) expressing confidence

Ranking is preferred because the keep/reject decision exists on a spectrum Sone
phot ographs are clear keepers. Sonme are clear rejects. Mst are sonewhere between.
The nodel should reflect this.

Architecture: pairw se conparison
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I nput : (enmbeddi ng_A, enbedding_B, label: "Ais nore likely a keeper")
Qutput: ranking score for A and B relative to each other

Trai ning: construct pairs from (keeper, non-keeper) exanples

I nference: score each photograph i ndependently against the | earned preference

Al ternative: contrastive learning —train the nodel to push keeper enbeddi ngs cl oser
toget her and farther from non-keeper enbeddings in a | earned projection space. The
keeper score is then the distance fromthe cluster centroid of keeper embeddi ngs.

Architecture decision deferred until full corpus enbeddi ngs are avail able for
experi nentation.

6. KEEPER SCORE

The keeper score is a continuous float on [0.0, 1.0].

1.0 —confirnmed keeper (from keeper archive; ground truth)

0.8+ —highly probabl e keeper; review recommended

0.5-0.8 —uncertain; human review required

0. 0-0.5 —probabl e non-keeper

0.0 —definitive reject signal (clear technical failure or out-of-protocol)

The score threshold for auto-surfacing in the portal is TBD. It will be calibrated
agai nst the photographer's actual review behavior after the nodel's first training
run.

The keeper score is stored in the photos table as keeper_score REAL. It is reconputed
when the nodel is retrained. Historical scores are not archived by default (they are
derived val ues, not source-of-truth val ues).

7. KEEPER MATCHI NG

The keeper archive (/FLUX_ARCH VE/ KEEPERS/) and the full corpus (/FLUX_ARCHI VE/ ORI G NALS/)
exi st as separate folder structures. They nust be |inked.

Mat ching strategy (applied in order):

1. EXIF tinestanp match (primary)
Mat ch keeper EXIF DateTi neOrigi nal agai nst corpus EXIF DateTi neQrigi nal .
Exact match = definitive link.

2. Oiginal Ricoh filename match (secondary)
Mat ch keeper's enbedded original filename (R0001234.JPG against corpus filename conponent.
Mat ch = hi gh-confidence |ink.

3. SHA-256 hash match (tertiary)
Comput e SHA- 256 of keeper file; conpare against corpus SHA-256 index.
Exact match = definitive link regardless of filenane or EXIF.

4. Image simlarity fallback
For files where netadata was altered or stripped:
Conmput e enbeddi ng of keeper file; find nearest neighbor in corpus enbeddi ngs.
If simlarity > 0.98 (near-identical), treat as a match.
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Human review required for sinilarity < 0.99.

Unmat ched keepers (in keeper archive, no corpus match found) are flagged for manual
review. They nay be from sessions not yet inported into the full corpus, or from
edited versions that diverged fromoriginals.

8. WHAT THI S ENABLES
Once the keeper nodel is trained

—Aut o-ranki ng during ingest: new photographs arriving in /FLUX_INBOX are
automatically scored. The portal shows keeper score next to each photograph before
t he phot ographer revi ews.

— I ssue draft suggestions: when 36+ hi gh-scoring photographs are avail able, the
system can propose a draft issue sequence sorted by keeper score + chronol ogi ca
order.

—Mbdtif clustering: keeper photographs are clustered by visual sinmlarity (using
enbeddi ngs). Clusters represent recurring nmotifs. The photographer can see which
notifs appear nost frequently in their practice

—Sequenci ng assi stance: keeper score + tenporal order can generate wei ghted
sequence suggestions (see: AUTONOMOUS SEQUENCI NG) .

—Session anal ytics: per-session keeper density. Which sessions produced the nost
keepers? Wich | ocations? Wich tinmes of day?

9. WHAT THI S DCES NOT DO
The keeper npdel does not replace curation.

The phot ographer still reviews and approves every photograph that enters a FLUX
i ssue. The nodel ranks. The phot ographer selects.

The keeper nodel is wong sonetinmes. It is trained on historical taste, which nay not
match current taste. It does not know about recent aesthetic shifts in the

phot ographer's practice. It does not know what happened during a specific session
that makes a technically weaker photograph enotionally inportant.

The keeper nodel does not claimuniversal validity. Its scores are only valid for the
phot ogr apher whose keeper archive trained it. They are neaningless applied to
anot her phot ographer's work.

The keeper nodel is deliberately wong on the nmargins. Near-threshol d decisions are
exactly where human curation is nost val uable. The nodel is confident about clear
keepers and clear rejects. It is uncertain about everything in between. That
uncertainty is honest.

SEE ALSO
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Docunent Layer Rel ati onshi p

| NTELLI GENCE Layer 5 —Intelligence Layer overview, keeper nodel is
a subdocunent

EMBEDDI NGS Layer 5 —Intelligence I nput features for the keeper
node

TRAI NI NG DATA Layer 5 —Intelligence The | abel ed dat aset
construction and mat ching
strategy

METADATA ENRI CHVENT Layer 5 —Intelligence St ores keeper_score per
phot ograph in the SQite schema

AUTONOMOUS  SEQUENCI NG Layer 5 —Intelligence Uses keeper scores as input for
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